Alternative Clustering on Stream Data

Jingyuan Zhang
OSCAR Team, SSDUT, DLUT
Nov. 30, 2010
Abstract

In recent years, a large amount of streaming data, such as network flows, sensor data and web click streams have been
generated and various data stream clustering algorithms are developed. However, just as the traditional data, multiple
alternate clusterings may exist in stream data and they are all reasonable in some perspective.

In this presentation, | will first use a simple example of text data streams [1] to illustrate the meaning and feasibility of
finding alternative clustering on stream data. Then, | will introduce two completely unsupervised techniques [2] to find
two alternative clustering simultaneously on non-stream data. These methods would be immensely useful in the stream
data domain because, with vast amounts of data arriving fast and continuously, it is infeasible to require some a-priori
knowledge to search for the various alternate clusterings sequentially just as the COALA does. Finally I will talk about
the existed method to compare clustering dissimilarity for stream data [3] and the quality measurement in stream
clustering techniques [4], both of which are the main factors needed to be considered if we want to find alternative
clustering on stream data.

For future work, | need to investigate generalizing the existed unsupervised algorithms to handle alternative clustering
on stream data by combining the dissimilarity and quality together. Maybe you could give me some useful suggestions.
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